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Background 
Since the 1980s, the world’s capacity to store information has roughly doubled 
every 40 months. Nevertheless, the storage capability is exceeded by the rate in which it 
is produced (Hilbert & Lopez, 2011). In 1980, the entirety of the US Census results of 
nearly 100 gigabytes was considered so big that it was nearly unmanageable (da Cruz, 
2004). Today, 2.5 quintillion bytes of data (1 followed by 18 zeros) are created every 
day, consisting of everything from social media posts and information gathered from 
sensors and medical devices to videos and transaction records (Eaton, Deroos, Deutsch, 
Lapis & Zikopoulos, 2012). The resulting aggregation of this information is referred to as 
‘big data.’  
 “Big data” refers to collections of data that have grown so large and complex that 
they are difficult to process using conventional database management tools and 
processing applications (Manyika, Chui, Brown, Bughin, Dobbs, Roxburgh & Byers, 
2011) Familiar methods such as data warehousing and data mining must be re-imagined 
to handle and make sense of the vast quantities of data, while newer techniques such as 
machine learning and natural-language processing require constant supervision and 
tweaking in order to be effective (Cohen, Dolan, Dunlap, Hellerstein & Welton, 2009; 
Lohr, 2012; Moody & Kortink, 2000). As it stands, data production is simply outpacing 
data management and the result is an increasingly large gap between the amount of data 
being created and the ability of people to manage it. 
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There may be much to be gained from using big data and as a result, there is a 
strong demand for professionals who can aggregate and analyze it. While big data’s 
influence can be difficult to quantify, its potential cannot be overstated. For example, 
retailer Wal-Mart’s customer database, which measured 43 terabytes in 2001, can analyze 
sales and demographic information to tailor product selections and determine the timing 
of price markdowns (Shaw, Subramaniam, Tan & Welge, 2001). Data gathered from 
GPS-enabled navigation devices can superimpose real-time traffic patterns and alerts 
onto navigation maps and suggest alternate routes to drivers (La Valle, Lesser, Shockley, 
Hopkins & Kruschwitz, 2011). Perhaps most impressive, when tweets from Twitter were 
collected and analyzed, they were found to be as accurate as official reports at tracking 
the spread of cholera in Haiti after the 2010 earthquake. Better still, the data revealed the 
information two weeks before the official reports (McAfee & Brynjolfsson, 2012). Big 
data can reveal the story of a company’s marketing efforts, the best path through 
everyday life and the steps that should be taken in the future to avoid a crisis. Its potential 
is vast and seemingly unlimited, but without an adequate workforce to build and manage 
the tools needed to sort, store and analyze the data, the story big data tells remains out of 
reach.  
According to a 2011 study from the McKinsey Global Institute, the United States 
faces an estimated shortage of 140,000 to 190,000 people with deep analytical skills and 
1.5 million managers and analysts needed to analyze big data and make decisions based 
on their findings (Manyika et al., 2011). This shortage will be felt across the field, 
leaving much needed jobs such as database engineers and administrators, database 
developers, data analysts, data scientists unfilled. When considering this on a global 
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scale, the data-people gap further grows as more nations increasingly adopt and rely upon 
technology, thereby producing more and more data of their own (Grumbach, 2013; 
Manyika et al., 2011). It is this shortage that presents an opportunity for information 
scientists and those students at information science (IS) schools to become competitive 
candidates for the jobs of today and the future. 
 
Purpose of Research  
The purpose of this study is to investigate how top ranked accredited library and 
information science (LIS) schools across the United States are preparing their students for 
careers in the big data field and addressing the big data/professional gap. Although big 
data is a relatively new phenomenon, its significance and potential cannot be overstated. 
The big data field is growing rapidly and there is a significant shortage of skilled 
professionals available to effectively handle, manage and manipulate the data being 
gathered. This leaves an opportunity for LIS schools to capitalize on and improve their 
graduates’ chances in establishing stable and long-lasting careers. It is important then to 
understand how these educational institutions are preparing their students for big data 
careers.  The results of this study will provide insight into what steps are being taken at 
schools comparable to the School of Information and Library Science at the University of 
North Carolina at Chapel Hill and identify the best practices for preparing students for 
careers in big data. 
 
Research Questions 
This study intends to address three research questions:  
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1. Are information science schools preparing their students for careers in 
handling big data? 
2. Are information science schools fostering the development of skills their 
graduates will need to work with big data?  
3. Can the best practices for preparing students for careers in big data be 
identified? If so, what are they? 
 
Literature Review 
Defining big data 
While there is no officially recognized definition of big data, the various 
definitions proposed by researchers share some common traits. Manyika et al (2011) 
define big data as “datasets whose size is beyond the ability of typical database software 
tools to capture, store, manage, and analyze,” (p. 1) but with the potential to become a 
key basis of competition, productivity growth, innovation, and consumer surplus. Joshi 
(2013) defines big data as data that becomes a problem “when the volume, velocity, 
and/or variety of the data exceeds the abilities of [a] current IT system to ingest, store, 
analyze, or otherwise process it” (p.1). These definitions, one suggesting that big data is 
perceived as both a physical, measurable object, and the other defining it as a concept 
with its own unique challenges and problems, make up the bulk of definitions proposed 
by researchers and often are used interchangeably or in some combination of the two 
(Alexander, Hoisie & Szalay, 2011; Chen et. al, 2013; Tien, 2013). 
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For the purposes of this study, “big data” will describe large, aggregated data sets 
that have become too big to manage with traditional and commonly-used software and 
data management tools. 
Challenges of big data 
Based on the above definition, three important aspects of big data have been 
identified that go beyond the ability of our current data processing technology. The 
“3Vs”, Volume, Velocity and Variety, were first described in 2001 by Doug Laney and 
highlight both the challenges and opportunities in working with big data (Chen et al., 
2013; Joshi, 2013) While a fourth V has been proposed to stand for Variability, Value or 
Virtual, its use in the literature has been largely absent (Wang, 2012)  
Among these 3Vs, volume, or the size and scale of the data, is often cited to be 
the biggest challenge when working with big data. Alexander et al. (2011) identified 
volume as one of the primary big data challenges as data can't be moved for analysis and 
must therefore be analyzed in situ, or other methods developed to extract smaller data 
sets from the larger ones. According to Kaisler, Armour, Espinosa and Money (2013), 
this can be attributed to the fact that these data sets are largely unstructured as a result of 
growing too quickly. Such growth is a direct result of the second V, velocity. 
Velocity, poses its own unique challenges. Kaisler et al. (2013) define velocity as 
the speed of data creation, streaming and aggregation. Velocity is then directly tied to 
volume. Social media posts, sensors, videos, transactions and more all contribute to the 
velocity of big data’s volume and are largely responsible for the huge growth seen within 
the past few years (Courtney, 2013; Eaton et al., 2012; Joshi, 2013; Kaiser et al., 2013) 
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Data variety also presents a challenge to working with big data. As big data sets 
grow rapidly, the data is inherently unstructured and often in various formats, making it 
difficult and time consuming to work with (Chen et al., 2013; Joshi, 2013; Laney, 2001) 
Laney (2011) cites variety, as opposed to volume, as the biggest challenge facing data 
scientists: “No greater barrier to effective data management will exist than the variety of 
incompatible data formats, non-aligned data structures and inconsistent data semantics” 
(p.2). 
The 3Vs identify the biggest challenges in working directly with big data, but 
another challenge is also often cited by researchers. The lack of manpower within the big 
data field means that addressing the other challenges cannot feasibly be done. There is an 
ever growing need for technically educated and skilled people. Manyika et al. (2011) 
estimate a shortage of 150,000+ people with deep analytical skills in addition to 1.5 
million managers and analysts to analyze big data and make decisions based on their 
findings.  
Overcoming challenges 
To address the above mentioned challenges, researchers have proposed a number 
of solutions ranging from purchasing more storage to developing better software to 
training and educating more people for work in the big data field. Storage provides 
temporary relief to the volume challenge, but it is seen as a coping mechanism and an 
expensive one at that (Leavitt, 2013) Furthermore, it does not address the velocity 
challenge which can lead to unstructured data once stored. Kaisler et al. (2013) found 
that, “Each time a new storage medium was invented, the amount of data accessible 
exploded because it could be easily accessed” (p.1). This data ended up largely 
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unstructured. The explosion of data has not, therefore been accompanied by a 
corresponding new storage medium to address the other challenges. 
The sheer size and scale of big data makes existing software platforms almost 
impossible to use for data management purposes (Courtney, 2013). However, according 
to Manyika, Roberts and Sprague (2010), this problem also results in new opportunities 
for development. Virtualization software, analytics software, software as a service (SaaS) 
and enterprise software are all areas that could see major growth in the big data field as 
reliance on faster and more efficient platforms grows (Manyika et al., 2007). 
Both the potential of big data and its challenges are leading to the creation of new 
careers and necessitate a new generation of data experts. Whether LIS schools are 
developing curricula that prepare their students for such careers remains to be seen. 
Bawden (2008) identified the foundational principles of information science as:  
1. Exploring and organizing objective knowledge  
2. Approaching the study of data from a scientific standpoint  
3. Recognizing information and knowledge not as physical objects, but cognitive 
spaces  
4. Quantitative analysis 
These foundations seem more theoretical than practical, and while theory has its 
place in studying big data, the field revolves around quantifiable skills. In his paper, 
Bawden (2008) claims that little seems to have changed from these original foundations, 
implying that theory is still at the forefront of information science schools. However, 
Wilson (1989) found that information and library science schools were quick to adopt 
new terms and methods and he cautioned against judging a curriculum based on class 
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titles that may not reflect new content. Whether this remains true some 24 years later 
remains to be seen. 
The current literature on the subject does little to address information science 
curricula on a large or consistent scale. This study will identify the universities that are 
building curricula around big data and it will identify how their programs can be 
improved to better meet the needs of students seeking and preparing for careers in big 
data. 
 
Research Design  
There is a growing demand for workers with skills relevant to handling, managing 
and manipulating big data (defined in this study as ‘data management’), yet it is largely 
unknown if or how LIS schools are preparing students for careers in big data.  In order to 
investigate this, both quantitative and qualitative data was gathered through document 
reviews conducted on program websites from the top 10 ranked accredited library and 
information schools across the United States as ranked by US News & World Report. 
Altogether, 12 LIS programs were considered in this study. These 12 represent the top 10 
programs and account for ties. They include: 
 The University of North Carolina at Chapel Hill 
 The University of Illinois at Urbana-Champaign  
 The University of Washington 
 Syracuse University 
 The University of Michigan at Ann Arbor 
 Rutgers University 
 The University of Texas at Austin 
 Indiana University at Bloomington 
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 Simmons College 
 Drexel University 
 The  University of Maryland at College Park 
 The  University of Pittsburgh 
 
These programs were selected for this study based on the 2014 rankings from US 
News & World Report. US News & World Report’s rankings have been selected as the 
basis for this study for the methods it employs to assign rankings. These methods take 
into consideration 16 indicators of academic excellence that range from graduation rate 
performance to financial and faculty resources (Morse & Flanigan, 2013) 
Document reviews were conducted to examine the schools’ approaches to big 
data and how they are preparing students for careers within the field. These documents 
reviews looked at each school’s website and focus on the curricula of the LIS programs, 
including classes offered within the schools as they pertain to data management, as well 
as certificate programs and specializations. Special attention was also given to professors, 
focusing on their education, previous research and classes they have taught.  
 
Methodology 
To collect data for this study, information pertaining to curriculums, specifically 
classes, certificates and specializations, was manually collected from the top 10 LIS 
schools’ websites. The gathered information documents the number of classes offered 
concerning data management, whether or not certificate programs for data management 
exist or are in development and whether any specializations within data management are 
offered. Further consideration was also given to the number of faculty teaching these 
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courses or who have a significant background in data management. This data, when 
analyzed, paints picture of where each school stands in its approach to big data as 
compared to UNC-Chapel’s School of Information and Library Science. Generally search 
techniques were employed, such as navigating via the appropriate headings, using site 
maps and through the provided search bars on the respective websites. No other search 
engines were used in this process. 
These document reviews looked at the websites as they existed at the time of 
access and any information they provided. Information about previously offered classes, 
specializations, certificates or former professors was not be considered as it did not 
reflect the current state of the program or the program going forward in the future. 
The data gathered in this study was coded. This decision is supported by Hay 
(2005) who stated that using coding can aid in data reduction, organization and analysis. 
These three purposes support the choice of a content analysis for this study. A content 
analysis was conducted as it can be completed by hand and is a way of identifying and 
counting terms, phrases or actions that appear in a document (Hay, 2005). While this 
method favors quantitative data, it can also be applied to qualitative data as well, 
particularly for pattern recognition. Qualitative data was analyzed for common themes, 
terms and phrases to gauge the extent of which big data topics are being covered within 
the program. Since this data set was on the smaller side, this was easily manageable.  
 Quantitatively, the number of instances for each information category was 
documented. This includes the number of offered classes, the number of certificates and 
specializations and the number of professors. These numbers, respective to each program, 
were then compared to other programs. In consideration of the qualitative elements of 
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these categories, coding was then employed to further sort the data. This was 
accomplished by reading through the provided descriptions for each offered class, 
certificate, specialization and professor that met the standards for big data classification. 
Seven broad coding labels were identified: Data analytics, data mining, infometrics, 
databases, “big data”, “data science”, and data warehousing. These labels indicate the 
topics covered in each category and were identified as the primary focus of the respective 
class, certificate, specialization or professor. 
As there is no available research concerning big data in LIS curricula, the coding 
labels were identified after the data collecting was completed so that limited 
presumptions were made beforehand and the researcher’s bias was minimized. This data 
will be presented primarily through charts that show the quantified results of both the 
quantitative and qualitative data. Additional analyses breaking down the findings will be 
provided. 
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Results 
Table 1. Overview 
 
Ranking University Courses Certificates Specializations Professors 
1 UL - Urbana-Champaign X 
   2 UNC - Chapel Hill X 
  
X 
3 UW – Seattle X 
 
X X 
4 Syracuse X X 
 
X 
4 UM - Ann Arbor X 
 
X X 
6 Rutgers X 
  
X 
6 UT – Austin X 
  
X 
8 IU – Bloomington X 
  
X 
9 Simmons 
    10 Drexel 
   
X 
10 UM - College Park X 
 
X X 
10 Pittsburgh X 
 
X X 
 
Table 1 shows which programs contain courses, certificates, specializations or professors 
with a focus on big data or data management. Of the 12 programs from which 
information was gathered, all but one (Simmons College) addressed data management to 
some degree, whether by offering courses about the subject matter, specializations 
focusing on the field or employing professors with a background or focus on data 
management, data science or big data. 
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Table 2. Offered Courses 
 
 
Table 2 shows the number of courses offered per program. These courses focused 
explicitly on aspects of data management and big data, rather than simply focusing on it 
as a unit within the course. 
 
  
0
1
2
3
4
5
6
7
8
# of Offered Courses
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Table 3. Professors 
 
 
Table 3 shows the number of professors focusing on big data or an aspect of big data per 
program.  
Table 4. Course Breakdown 
 
UNIVERSITY CODING 
UL - Urbana-Champaign 
1 Introduction to Databases Databases 
2 Data Mining Data mining 
3 Research Data Analysis Data analytics 
4 Infometrics Infometrics 
5 Foundations of Socio-Technical Data Analytics Data analytics 
6 Socio-Technical Data Analytics Project Data analytics 
7 
 
Data Administration Concepts 
and Database Management 
 
Databases 
 UNC-Chapel Hill 
1 Introduction to Big Data and NoSQL “Big Data” 
2 Database Systems I Databases 
0
1
2
3
4
5
# of Professors
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3 Database Systems II Databases 
4 Database Systems III Databases 
5 Web Databases Databases 
 UW – Seattle 
1 Relational Database Design Databases 
2 Introduction to Data Science “Data Science” 
3 Core Methods in Data Science “Data Science” 
4 Advanced Methods in Data Science “Data Science” 
5 Database Concepts for Information Professionals Databases 
 Syracuse 
1 Data Mining Data Mining 
2 
 
Data Administration Concepts 
and Database Management 
 
Databases 
3 Applied Data Science “Data Sciences” 
4 Data Warehouse Data Warehousing 
5 Advanced Data Analytics Data analytics 
 UM - Ann Arbor 
1 Data Manipulation Data analytics 
2 Exploratory Data Analysis Data analytics 
3 Database Application Design Databases 
4 Online Searching and Databases Databases 
5 Data Mining Data mining 
6 Introduction to Statistics and Data Analysis Data analytics 
 Rutgers University  
1 Database Design and Management Databases 
 UT – Austin 
1 Database Management Databases 
 
 
IU – Bloomington 
1 Database Design Databases 
 UM - College Park 
1 Database Design Databases 
2 Digging into Data Data analytics 
3 Web-Enabled Databases Databases 
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Pittsburgh University 
1 Database Management Databases 
2 Advanced Topics in Database Management Databases 
3 Data Analytics Data analytics 
 
Table 4 shows the breakdown of course offerings within each program. Using coding, a 
number of categories have been identified that will later be applied to each course listing. 
These include: Data analytics, data mining, infometrics, databases, “big data”, “data 
science”, and data warehousing. “Data science” refers to the study of the generalizable 
extraction of knowledge from data (Dhar, 2013). Infometrics refers to the study of 
quantitative aspects of information, including the production, dissemination, and use of 
all forms of information (Tague-Sutcliffe, 1992). 
Table 5. Specializations 
 
 
UW - Seattle 
The Data Science & Analytics Specialization 
In this specialization, students study the computational and quantitative analysis 
of large datasets to create information. Students completing this track will be 
able to use methods, tools, and frameworks for analyzing and deriving insight 
from large-scale, heterogeneous data. 
Coding: “Data science”, data analytics 
 
UM - Ann Arbor 
Information Analysis and Retrieval (IAR) Specialization 
The IAR specialization develops skills in natural language processing, database 
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design, information retrieval, network analysis, and more. Faculty expertise 
extends to text, Web, and network analytics to provide students with unique 
perspectives for solving some of the most pressing problems organizations face. 
Coding: Databases 
 
UM - College Park 
Data Analytics 
The Data Analytics (DA) Specialization focuses you on the skills needed to 
manipulate and mobilize data in order to support decision-making and 
organizational goals in a variety of sectors. This specialization prepares you for a 
variety of positions, such as: data scientist, data analyst, or information analyst. 
Coding: Data analytics 
 
Pittsburgh 
Big Data Analytics Specialization 
The iSchool’s Big Data Analytics specialization will prepare students to address 
real-life problems along each of those dimensions.  For instance, it is not 
uncommon for digital archives to store terabytes and even petabytes of data in 
hundreds of data repositories supporting thousands of applications. Maintaining 
such data repositories requires knowledge in ultra-large scale distributed 
systems, virtualization technologies, cloud computing, unstructured and semi-
structured data management, optimization methods based on data replication and 
data migration, as well as in advanced data protection techniques. The 
exponential growth of the amount of data calls for competence in advanced 
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dynamic data processing techniques, including scalable data processing methods 
and technologies; data stream management; and large-scale process monitoring, 
modeling and mining. In order to comprehensively analyze such volumes of 
information from disparate and various disciplines, information professionals 
will need to master advanced data integration techniques and business 
intelligence tools, crowdsourcing technologies, large-scale information fusion, 
data-intensive computation and semantic data management. 
Coding: “Big data”, data analytics 
 
Table 5 provides a listing of the specialization topics and their descriptions as 
provided by the programs that offer them. A similar method of coding has been applied 
and the following categories identified: “Data science”, data analytics, information 
retrieval and “big data”. 
Findings 
Breakdown by Category  
This investigation focused on the efforts made by information and library science 
schools to incorporate courses, specializations and certificates concerning and employ 
professors working with big data, also referred to in this study as data management.  
An analysis of the information gathered and presented (Tables 2 and 4) for this 
paper reveals that while the majority of the top library and information science schools 
are offering course loads related to big data and data management, there is still room for 
improvement, particularly when it comes to offering specializations within the 
curriculum and certifications that can be used within the field.  
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The courses identified in this study have been sorted into various categories by 
coding. They are: Data analytics, data mining, infometrics, databases, “big data”, “data 
science” and data warehousing. Of the 37 courses that were identified in this study, 
roughly 49% (18 of 37) focused on databases; 24% (9 of 37) focused on data analytics; 
11% (4 of 37) focused on “data science”, and 8% (3 of 37) focused on data mining. Data 
warehouse, “big data” and infometrics each made up just less than 3%, with one course 
each respectively.  
These numbers seem to indicate that there is a focus on the specific topics 
typically associated with the big data field, such as databases and data analytics, as 
opposed to larger, more theoretical concepts such as big data itself. One benefit to 
offering more topic-based courses is the potential takeaway of a skill set, such as 
programming experience with SQL, rather than just a theoretical understanding. An 
additional positive benefit is that while the number of courses were not consistent 
between programs, overall, the type of courses offered varied within each program. These 
findings are promising in that it grants students the opportunities to study multiple 
elements of big data and data management and gives them further exposure to the skills 
needed to compete in the field. 
In regards to specializations and certificates, the top programs did not offer as 
many opportunities as they did compared to courses. Only a third of the schools provided 
students with a chance to specialize on a topic within their course of study and only one 
of the programs, Syracuse University, provided an opportunity for students to earn a 
certificate that could help them advance in their career or be more competitive when 
trying to enter the field. Of the four schools offering specializations, none offered more 
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than one per program. Three (the University of Washington, the University of Maryland 
at College Park and Pittsburgh University) focused on data analytics while one (the 
University of Michigan at Ann Arbor) focused on databases. This data suggests that for 
many of the programs, there is room for improvement when it comes to incorporating 
relevant specializations and certificates to the big data field. 
The majority of programs (83% or 10 out of 12) employed professors whose field 
of study was related to big data and/or data management. This is evident in Table 3. Of 
these, the University of Pittsburgh employed the most with a total of four and Syracuse 
University employed three. The remaining 10 programs employed only one or two 
professors. The University of Illinois at Urbana-Champaign and Simmons University did 
not employ any.  
These findings are promising in that it grants students the opportunity to learn 
about big data and topics within the field from reputable and knowledgeable sources. 
Furthermore, it allows students the opportunity to network within the field, thus giving 
them an advantage among their peers from other programs upon beginning the job 
searches. 
Overall Results 
 An analysis of the data gathered in this study reveals that certain programs are 
performing better at preparing for students for careers within the big data field. While 
some programs may have purposefully decided not to focus their curricula on big data, 
the information below may be of interest to incoming LIS Students. 
Each program has been assigned a ranking: Poor, moderate or good. This ranking 
reflects the programs perceived commitment to providing students with the education 
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needed to succeed in the field and is relative to the other programs. The criteria for each 
ranking has been based on the data gathered in this study. Each category has similarly 
been broken down into the components identifying a poor, moderate or good ranking. 
The final ranking is determined by the following: 
Poor: Poor in all categories or poor in two categories and moderate in another. 
Moderate: Moderate in all categories or moderate in two categories and poor or 
good in another. 
Good: Good in all categories or good in two categories and moderate in another.  
Courses: 
 Poor: Offers fewer than 2 courses 
 Moderate: Offers between 3 and 5 courses  
 Good: Offers more than 5 courses 
Specializations and certificates: 
 Poor: Offers 0 specializations or certificates 
 Moderate/Good: Offers 1 or more specializations or certificates 
Professors: 
 Poor: Employs less than 1 professor 
 Moderate: Employs between 2 and 3 professors 
 Good: Employs more than 4 professors 
Table 6. Overall Rankings 
 
RANKING UNIVERSITY BIG DATA COMMITMENT 
1 UL - Urbana-Champaign Moderate 
2 UNC - Chapel Hill Moderate 
3 UW - Seattle Good 
 23 
4 Syracuse Moderate 
4 UM - Ann Arbor Moderate 
6 Rutgers Poor 
6 UT - Austin Poor 
8 IU - Bloomington Poor 
9 Simmons Poor 
10 Drexel Poor 
10 UM - College Park Moderate 
10 Pittsburgh Good 
  
Research Questions 
This study originally intended to answer three research questions. Based on the 
information gathered through this study, the answers are as follows: 
1. Are information science schools preparing their students for careers in handling big 
data? 
The majority of the top 10 ranked LIS schools are achieving ‘moderate’ or ‘good’ 
success in preparing their students for careers to work with big data. Of the 12 
schools this study looked at, 5 were ranked ‘moderate’ and 2 were ranked ‘good’ 
based on the criteria established from the gathered data. While this is a decent start, 
the data suggests there is room for improvement that will not only better students’ 
chances at success, but also help the programs become more competitive.  
 
2. Are information science schools fostering the development of skills their graduates 
will need to work with big data?  
While some of the courses identified in this study appear more theory-based than 
skill-based, the majority focused on specific topics that fall under the umbrella term 
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of big data. This includes databases, data analytics, data mining, and more, all of 
which typically include skill-based learning. For this reason, it is safe to believe that 
those schools offering courses concerning big data and data management are also 
helping to foster the development of skills their graduates will need. 
 
3. Can the best practices for preparing students for careers in big data be identified? If 
so, what are they? 
As previously identified by the McKinsey Global Institute, there will be an 
estimated shortage of 140,000 to 190,000 people with deep analytical skills needed to 
analyze big data (Manyika et al., 2011). Just a cursory search for the key word ‘big 
data’ on Monster.com shows a list of 1000+ related job openings, including titles 
such as “Database Engineer with Big Data/Hadoop” and “Big Data Solutions 
Director.” This suggests that one of the best practices will be to not only educate 
students on the theory behind big data and all of its various components, but to help 
them get the skill set needed to become a competitive candidate within the field. This 
is primarily accomplished by offering courses specifically focused on the various 
aspects of big data and at different levels that will help students enter the field already 
prepared to take on the tasks needed of them.  
 
Conclusion 
This study looked at the top 10 accredited library and information schools (LIS) 
across the United States and their approaches to big data through course work, 
specializations, certificates, and professors. It revealed that while there are a significant 
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amount of courses being offered and professors being employed, it is not being done 
consistently between the programs. Document reviews further reveal that few of these top 
programs are offering the specializations and/or certificates that can help their students to 
become competitive candidates within the field.  
It is suggested that further work be completed on this topic, specifically in regards 
to gathering qualitative data in the form of surveys and interviews from students, 
professors and alumni within the programs. This information would create a more 
complete picture of each program’s perceived successes and failures and offer more 
insight as to what measures, if any, to take next.
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